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Development of Facial Detection System for a Smart Digital Signage
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Abstract

The smart LED digital signage is so
popular. It is installed in a very crowded area,
along the main road in the city, the sky train
stations, or tall buildings in order to let more
people see advertisements on advertising
screens. In this research, researchers together
with the company’s developers have developed
a smart digital signage that is capable of
detecting who are

people watching
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advertisements. It can count the number of
people by detecting human faces and classify
gender and age from images. The data are
captured and analyzed in order to launch
advertisements or advertising campaigns at the
right time, hit a target group, and make a
marketing plan. Researchers developed new
features for the digital signage system, which was
installed in the city’s area, to make it smarter. The
digital signage is equipped with the camera and
camera control unit. Several Al techniques such
as machine Learning, deep learning in
embedded systems with implementation of a
convolutional neural network were developed to
provide digital signage systems with built-in
functions and advertising capabilities. It obtains
an accurate count of the number of people,
classifies gender, estimates people’s ages, and
classifies those who watch the advertisements at
different time interval. The data were recorded
and transferred from applications to cloud data
centers through wireless channels. The smart

digital signage can attract and direct the attention

of people and it plays a significant role in
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